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Abstract

Background: Mobile health technology is rapidly evolving with the potential to transform health care. Self-management of
health facilitated by mobile technology can maximize long-term health trajectories of adults. Little is known about the characteristics
of adults seeking Web-based support from health care providers facilitated by mobile technology.

Objective: This study aimed to examine the following: (1) the characteristics of adults who seek human support from health
care providers for health concerns using mobile technology rather than from family members and friends or others with similar
health conditions and (2) the use of mobile health technology among adults with chronic health conditions. Findings of this study
were interpreted in the context of the Efficiency Model of Support.

Methods: We first described characteristics of adults seeking Web-based support from health care providers. Using chi-square
tests for categorical variables and t test for the continuous variable of age, we compared adults seeking Web-based and conventional
support by demographics. The primary aim was analyzed using multivariate logistic regression to examine whether chronic health
conditions and demographic factors (eg, sex, income, employment status, race, ethnicity, education, and age) were associated
with seeking Web-based support from health care providers.

Results: The sample included adults (N=1453), the majority of whom were female 57.60% (837/1453), white 75.02% (1090/1453),
and non-Hispanic 89.13% (1295/1453). The age of the participants ranged from 18 to 92 years (mean 48.6, standard deviation
[SD] 16.8). The majority 76.05% (1105/1453) of participants reported college or higher level of education. A disparity was found
in access to health care providers via mobile technology based on socioeconomic status. Adults with annual income of US $30,000
to US $100,000 were 1.72 times more likely to use Web-based methods to contact a health care provider, and adults with an
annual income above US $100,000 were 2.41 to 2.46 times more likely to access health care provider support on the Web,
compared with those with an annual income below US $30,000. After adjusting for other demographic covariates and chronic
conditions, age was not a significant factor in Web-based support seeking.

Conclusions: In this study, the likelihood of seeking Web-based support increased when adults had any or multiple chronic
health conditions. A higher level of income and education than the general population was found to be related to the use of mobile
health technology among adults in this survey. Future study is needed to better understand the disparity in Web-based support
seeking for health issues and the clinicians’ role in promoting access to and use of mobile health technology.

(JMIR Hum Factors 2017;4(4):e33) doi: 10.2196/humanfactors.8246
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Introduction

Mobile Health Technology
Mobile health technology is rapidly evolving with the potential
to transform health care. Mobile devices, including mobile
phones, tablet computers, and handheld devices with wireless
Internet connectivity offer new opportunities to maximize health
and wellness and improve long-term health trajectories for adults
across the age continuum [1]. Mobile technology has been used
to promote health behaviors, such as physical activity [2] and
optimal nutrition [3], major determinants of health [4] that
enhance physical and mental function [5] for healthy aging.

Self-management of health, defined as individuals assuming
tasks to deal with medical management, role management, or
emotional aspects of health conditions [6], is facilitated by
mobile technology. Optimizing self-management of health is
associated with an increase in average life years, a delay in the
development of chronic health conditions, and lower Medicare
costs [7]. Despite the advantages, the actual reach and
availability of coordinated activities and programs on the
Internet designed to promote self-management using mobile
technology have been lower than expected, and attrition rates
were high [8]. Individual engagement in positive health
behaviors is necessary to achieve the desired outcomes [9].
Integrating health care provider support with this technology
may be the key to improving this process.

Study Aim
The aim of this study was to assess the characteristics of adults
across the lifespan, who seek health care support from providers
facilitated by mobile technology. We selected an existing dataset
to investigate Web-based human support seeking from providers
rather than from family members and friends or others with
similar health conditions. The impact of sociodemographic
factors and other variables on Web-based support seeking for
health issues from providers remains unclear. Understanding
the characteristics of mobile technology users who do and do
not seek Web-based support for health care issues from
providers is needed for translation to clinical practice and to
inform future health behavior research.

Background and Significance
The impact of mobile technology in the daily lives of people
worldwide has increased markedly over the past decade and
continues to expand. Mobile technology offers distinct
advantages for optimizing health and wellness, with unlimited
reach across economic and geographic boundaries, as well as
continuous availability. Most Americans (95%) now own a
mobile phone of some kind [10]. Furthermore, over half (62%)
of mobile phone owners use their phone to search for health
information [11]. Web-based searching for health information
facilitated by mobile technology differs based on
sociodemographic profile [12]. Mobile phone owners who were
Latino or African American, aged between 18 and 49 years,
and had a college degree were more likely to access Web-based
health information [11]. Although the majority of mobile
technology users report searching for Web-based health
information, less is known about the human element in

Web-based communication and information sharing. The
characteristics of individuals who use mobile technology to
seek health care support from providers remain unclear. Greater
understanding of Web-based health care support seeking from
providers is needed to inform best practices for retaining
individuals in positive health behaviors over time.

This investigation builds on existing data. A study using Pew
Research Center survey data assessed the potential reach of
mobile phones among adults and found that chronic health
conditions affected mobile technology use. Slightly less than
one quarter of the sample had diabetes, and these individuals
were less likely to use mobile phones [13] compared with those
without diabetes. Individuals with diabetes, with higher income,
younger age, and Web-based health information searching were
associated with higher mobile phone use [13]. These findings
are consistent with other study results that found less affluent
adults with chronic health conditions were largely disconnected
from the world of technological tools and services, both
physically and psychologically [14]. Thus, adults with chronic
conditions were less likely to use mobile phones, and this
appears to be because of older age and lower socioeconomic
status, whereas adults with a higher level of education, younger
age, nonwhite race, and high income were more likely to use
mobile phones.

A previous study also indicated that two subgroups had a lower
chance to be engaged users of health care resources facilitated
by mobile technology, namely, males (odds ratio [OR] 2.24,
95% CI 1.23-4.08) and younger adults (OR 1.02, 95% CI
1.00-1.04), who were also less likely to return to health care
resources on the Web for follow-up after 1 week [15]. Previous
studies generally assessed mobile phone use rather than
Web-based health care support seeking from providers. On the
basis of these findings, we predicted that females, older and
more affluent adults, and adults without chronic conditions
would be most likely to use mobile technology to seek
Web-based health care provider support.

The Efficiency Model of Support described by Schueller et al
(2016) provides a framework for understanding the provision
of human support in the context of behavioral interventions
facilitated by technology. This model predicts that health care
provider interaction in conjunction with mobile technology
leads to more frequent and more effective use (eg, with greater
individual engagement and lower attrition) [16]. Health may be
enhanced when data generated by mobile devices are combined
with assessment and intervention from health care providers.
This model frames mobile technology as the facilitator rather
than the driver of positive health behavior [17]. Integrating
health care provider support for individual self-management of
health facilitated by mobile technology is advantageous, and
this model will guide future research and clinical translation.

Health Care Provider Perceptions of Mobile Health
Technology
The health care provider perspective was not assessed in this
survey; however, the perceptions of health care providers of
mobile health technology use and the integration of human
support must be considered to promote optimal use of the
technology. A previous survey of health care professionals
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(n=500) found that the majority (86%) of respondents were
accepting of mobile health resources and indicated that mobile
technology will increase their knowledge of a patient’s condition
and improve their relationships with patients [18]. This survey
found that only a small number (16%) of health care
professionals currently recommend mobile health resources for
patients, but just less than half (46%) plan to do so in the next
5 years [18]. In addition, a survey of nonclinician decision
leaders in health care (n=900), representing medical technology
companies, insurance, and other stakeholder groups, found more
than half indicated that wireless, wearable health tracking
devices, and other health technology advancements will help
improve health care delivery [19]. This study investigated the
sociodemographic profile and chronic health conditions of
participants related to health care support seeking from a
provider using mobile technology.

Methods

Design and Data Collection
The design of this study was a secondary analysis of
cross-sectional survey data collected by random digit dialing
by Princeton Survey Research Associates International for the
Pew Research Center’s Internet and American Life Project [20].
The data were collected from August to September 2012 with
multiple attempts made to contact each sampled telephone
number. Calls were staggered over times of day and days of the
week to maximize the chance of making contact with potential
respondents, and each phone number received at least one
daytime call. A nationally representative sample of adults aged
18 years and older was recruited from all geographic census
regions of the United States, including Northeast, Midwest,
South, and West, as well as urban, suburban, and rural locations.
Interviews were conducted in both English and Spanish.
Telephone interviews were conducted by random digit dialing
and included some individuals without a landline phone.
According to Pew, within strata, phone numbers were drawn
with equal probabilities [20]. Permission was obtained from the
Pew Research Center to analyze the data, and the dataset was
downloaded free of charge. The dataset did not contain any
participant identifiers, and thus, was approved by the
institutional review board at the authors’ university for an
“exempt” study before beginning analyses.

Measures
The sociodemographic profile of participants related to health
care support seeking from a provider using mobile technology
was investigated. Health care support seeking from a provider
was defined as Web-based communication with a doctor or
other health care provider (included Web-based or combination
of Web-based and conventional support) the last time the
respondent had a health issue. Response options also included
Web-based health information seeking from friends and family
members or others with a similar health condition. Covariates
included chronic health conditions, defined as diagnosed
conditions, such as diabetes, high blood pressure, lung
conditions (asthma, bronchitis, or emphysema), heart disease
(heart failure or heart attack), cancer, or any other chronic health
condition.

Data Analysis
We first described the characteristics of adults seeking support
from health care providers using Web-based or conventional
methods. Using chi-square test for categorical variables and t
test for the continuous variable of age, we compared adults
seeking Web-based support by demographics. The primary aim
was analyzed using multivariate logistic regression to examine
whether chronic health conditions and demographic factors (eg,
sex, income, employment status, race, ethnicity, education, and
age) were associated with seeking Web-based support from
health care providers for adults.

We performed three regression analyses. Model 1 included
demographic variables. Model 2 added the variable of any
chronic health condition into Model 1. Model 3 included three
chronic condition groups (adults with one chronic condition,
those with multiple chronic conditions, and those without any

chronic condition) in addition to demographics. Wald χ2 was
reported to evaluate the fit for each regression model. All data
were analyzed using the STATA version 14.0 (StataCorp, LP,
College Station).

Results

Study Sample
The sample (Table 1) included adults (n=1453), the majority
of whom were female 57.60% (837/1453), white 75.02%
(1090/1453), and non-Hispanic 89.13% (1295/1453). The age
of the participants ranged from 18 to 92 years (mean 48.6, SD
16.8). The majority 76.05% (1105/1453) of participants reported
college or higher level of education. Of note, the category of
less than or incomplete high school had few cases and was
combined with the high school category. About half of the
participants 50.72% (737/1453) reported any chronic health
condition(s), with slightly more reporting one chronic condition
than those reporting multiple chronic conditions 29.46%
(428/1453) vs 21.27% (309/1453). Over half 54.16% (787/1453)
of the respondents reported an income in the mid-range, and
were employed 59.67% (867/1453) either part time or full time,
or were self-employed. Less than one quarter 20.65% (300/1453)
were retired.

Health Care Support Seeking
Most respondents reported seeking support for a health issue
from a health care provider by visiting them in person or talking
on landline phone 85.07% (1236/1453), compared with
Web-based support seeking 14.93% (217/1453) through the
Internet or email, or a combination of Web-based and
conventional methods. According to bivariate analysis (Table
2) Web-based support seeking significantly differed by income,
employment, race, education, and age (P<.05). Adults with
income above US $30,000, being employed, having achieved
college or higher education, and of white race sought support
from a health care provider for a health issue on the Web, rather
than by conventional means. Furthermore, adults seeking
Web-based support were significantly younger (mean 46.1, SD
14.7) than those seeking conventional support (mean 49.1,
SD=17.1).
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Table 1. A descriptive summary of study sample (n=1453).

ValueVariable

Health care provider support seeking, n (%)

217 (14.93)Yes, Web-based or both Web-based and conventional means

1236 (85.07)Conventional means only

Chronic condition, n (%)

716 (49.28)No

737 (50.72)Yes (any chronic condition), n (%)

428 (29.46)One chronic health condition

309 (21.27)Multiple chronic conditions

Sex, n (%)

616 (42.40)Male

837 (57.60)Female

Income, n (%)

353 (24.29)<US $30,000

787 (54.16)US $30,000-$100,000

313 (21.54)>US $100,000

Employment, n (%)

867 (59.67)Employed (full-time, part-time, or self-employed)

300 (20.65)Retired

286 (19.68)Not employed for pay

Race, n (%)

1090 (75.02)White

235 (16.17)Black or African-American

36 (2.48)Asian or Pacific Islander

92 (6.33)Other

Ethnicity, n (%)

158 (10.87)Hispanic

1295 (89.13)Not Hispanic

Education, n (%)

348 (23.95)Less than or high School

1105 (76.05)College or higher

48.63 (16.81)Age, mean (SD)
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Table 2. Comparison of Web-based and conventional support seeking (n=1453).

Chi-square values

(degrees of freedom)

Conventional support (n=1236)

n (%)

Web-based support (n=217)

n (%)

Variable

Chronic condition

615 (49.76)101 (46.54)No

621 (50.24)116 (53.46)Yes (at least one chronic condition)

   Chronic condition

615 (49.76)101 (46.54)No

358 (28.96)70 (32.26)One chronic condition

263 (21.28)46 (21.2)Multiple chronic conditions

   Sex

524 (42.39)92 (42.4)Male

712 (57.61)125 (57.6)Female

15.3a (2)  Income

318 (25.73)35 (16.13)<US $30,000

670 (54.21)117 (53.92)US $30,000-100,000

248 (20.06)65 (29.95)>US $100,000

17.0a (2)  Employment

715 (57.85)152 (70.05)Employed (full-time, part-time, or self-employed)

277 (22.41)23 (10.6)Retired

244 (19.74)42 (19.35)Not employed for pay

9.4a (3)  Race

942 (76.21)148 (68.2)White

196 (15.86)39 (17.97)Black or African-American

28 (2.27)8 (3.69)Asian or Pacific Islander

70 (5.66)22 (10.14)Other

   Ethnicity

135 (10.92)23 (10.6)Hispanic

1101 (89.08)194 (89.4)Not Hispanic

6.6a (1)  Education

311 (25.16)37 (17.05)Less than or high school

925 (74.84)180 (82.95)College or higher

2.4a,b49.07 (17.12)46.10 (14.71)Age, mean (SD)

aP<.05.
bt statistic calculated from t test.

The multivariate logistic regression analysis of Web-based
support from health care providers on chronic conditions and
demographics is shown in Table 3. The odds of Web-based
support seeking from a health care provider for a health
condition were 1.62 times greater for adults with any chronic
condition compared with adults without any chronic condition
(Model 2). Furthermore, Model 3 showed that the odds of
Web-based support seeking from a health care provider were
1.85 times greater when adults had multiple chronic conditions
than those without multiple chronic conditions. Participants
reporting other race were 2.15 times more likely to seek health

support on the Web than whites. In Models 1 to 3, there were
no significant differences in the odds of seeking support from
a health care provider on the Web based on sex, age, or ethnicity,
compared with those individuals who do not seek health
information on the Web, after adjusting for covariates.

A disparity was found in access to health care providers via
mobile technology based on socioeconomic status. Adults with
annual income ranging from US $30,000 to US $100,000 were
1.72 times more likely to contact a health care provider on the
Web, and adults with an annual income above US $100,000
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were 2.41 to 2.46 times more likely to access a health care
provider on the Web, compared with those with an annual
income below US $30,000 (Models 2 and 3). In addition, the
odds of seeking Web-based support were 1.51 to 1.53 times
greater for adults with college or higher education than those
with less than or high school education. In comparison with

employed adults, retired adults were 57% to 58% less likely to
contact a health care provider on the Web for support for a
health issue, even after controlling for chronic conditions and
other demographic differences, including age and income
differences.

Table 3. Multivariate logistic regression of Web-based support from health care providers on chronic conditions and demographics (n=1453).

Model 3Model 2Model 1Web-based support

P valueOR (95% CI)P valueOR (95% CI)P valueORa (95% CI)

Chronic condition

No (Ref.)

.0031.62 (1.17-2.23)Yes

Chronic condition

No (Ref.)

.021.52 (1.07-2.16)One chronic condition

.0051.85 (1.20-2.85)Multiple chronic conditions

      Income

<US $30,000 (Ref.)

.011.72 (1.12-2.66).0151.72 (1.11-2.65).0241.65 (1.07-2.54)US $30,000-100,000

<.0012.46 (1.49-4.06).0012.41 (1.47-3.97).0012.27 (1.38-3.72)>US $100,000

      Employment

      Employed (Ref.)

.0020.42 (0.25-0.73).0020.43 (0.25-0.74).0040.50 (0.27-0.79)Retired

 .850.96 (0.64-1.44) .890.97 (0.65-1.45) .861.04 (0.70-1.54)Not employed for pay

      Race

      White (Ref.)

 .101.40 (0.94-2.09).08 1.42 (0.95-2.11) .081.42 (0.96-2.12)Black or African-American

 .221.67 (0.73-3.80) .231.66 (0.73-3.78) .271.59 (0.70-3.62)Asian or Pacific Islander

.0072.15 (1.23-3.77).0072.15 (1.23-3.76).0072.14 (1.23-3.74)Other

Ethnicity

Hispanic (Ref.)

.561.17 (0.70-1.96).571.16 (0.69-1.95).461.22 (0.73-2.04)Not Hispanic

Sex

Male (Ref.)

.761.05 (0.78-1.42).771.05 (0.77-1.41).761.05 (0.78-1.42)Female

 .150.99 (0.98-1.00).180.99 (0.98-1.00) .601.00 (0.99-1.01)Age

      Education

      Less than or high school (Ref.)

.041.53 (1.02-2.30).0451.51 (1.01-2.67).0721.45 (0.97-2.16)College or higher

<.00155.05<.00154.26<.00145.61Full Model Wald χ2

aOR: odds ratio.
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Discussion

Principal Findings
The key findings of this study included the characteristics of
the users of mobile health technology across the life span
ranging from 18 to 92 years. In this study, the likelihood of
seeking health care support on the Web increased when adults
had any or multiple chronic health conditions. A higher level
of income and education than the general population was found
to be related to the use of mobile health technology among
adults. This is consistent with previous survey research that
found high annual income was positively associated with higher
usage of Internet technology [21]. We found that annual income
of less than US $30,000 negatively impacted the use of mobile
health technology. Annual income of above US $30,000 was
positively associated with the use of mobile technology to seek
Web-based support from a health care provider. Notably, our
bivariate analysis showed a significant difference in the use of
Web-based support by age. However, when adjusting for other
demographic covariates and chronic conditions, age was no
longer a considerable factor.

The findings of this study indicate that factors other than age
have a greater impact on health support seeking from a provider
facilitated by mobile technology. A randomized trial that
supported Web-based data sharing between individuals with
diabetes and health care providers resulted in a greater decrease
in HbA1c compared with usual care over 6 months [22] and 1
year [23]. Mobile technology facilitated this interaction
longitudinally. Adults across the age continuum with chronic
health conditions, who receive health care provider support on
the Web, will benefit from self-management of health facilitated
by the technology. Mobile technology moves health care into
the context of the individual’s daily life, filling gaps between
episodic clinic visits.

A previous investigation found that many participants in the
over 50-year age group reported a dislike of sharing health
information on the Web through social media sites (eg,
Facebook and Twitter) [24]. Middle-aged and older adults may
perceive privacy as an issue in Web-based support seeking
regarding their health. The survey used in this study did not
address social media; however, these findings point to multiple
considerations for promoting mobile health technology, which
is still used less frequently than traditional offline support
seeking for health issues.

The gap in mobile technology use of the lower socioeconomic
group necessitates health care provider support to improve
access to and use of mobile devices for the self-management of
health. Integration with traditional health care practices
involving in-person visits and phone calls must be considered.

Health care providers can support individuals in
self-management of their health by directing them to mobile
technologies that are most effective [25], and to devices with
optimal design to engage greater proportions of the population
[26]. Health care provider support appears essential but is often
overlooked for mobile health technology adoption among adults
across the age continuum.

Strengths and Limitations
One of the strengths of this study is the secondary analysis of
a dataset collected to study mobile health technology. This study
used a random sample of mobile phone users across the United
States. In addition, the study was conducted in both English and
Spanish to facilitate participation of the rapidly growing
Hispanic population. A limitation of this study was the use of
self-reported chronic conditions. This is a minor limitation,
considering that no particular disease was targeted in this study.
The dataset did not include information to delineate the type of
health care support being sought, either general support or
support for a chronic condition. Secondary analyses of existing
data are limited to the existing variables in the dataset for
investigation, and thus, unmeasured factors are a limitation. We
examined sociodemographic variables and chronic condition
variables that based on the literature were considered to be
important in seeking health care support from providers on the
Web. We acknowledge that the selected variables may not be
sufficient to account for unmeasured factors related to our
outcome variable. Other variables that may affect data and
information exchange between providers and patients, such as
depression and cognition, will be important to investigate in a
future prospective study.

Conclusions
This is one of the first studies to report the characteristics of
adults seeking Web-based support from a health care provider
facilitated by mobile technology. Overall, the findings reveal
that adults of all ages use mobile technology. Multiple
opportunities exist for health care providers to promote
self-management of health facilitated by Internet-accessible
technology. Many individuals continue to seek support from
health care providers by conventional means; however, mobile
health technology has considerable potential to improve
traditional health care by extending the reach to at-risk groups
and filling the gaps between episodic clinic visits. The evolving
technology has the capability to provide individualized programs
that effectively meet the needs of the individual. Future study
is needed to better understand the disparity in Web-based
support seeking for health issues, as well as the clinicians’ role
in promoting access to and use of this technology to address
the gaps identified in this study.

Conflicts of Interest
None declared.

References

JMIR Hum Factors 2017 | vol. 4 | iss. 4 | e33 | p. 7http://humanfactors.jmir.org/2017/4/e33/
(page number not for citation purposes)

Bosak & ParkJMIR HUMAN FACTORS

XSL•FO
RenderX

http://www.w3.org/Style/XSL
http://www.renderx.com/


1. Wang J, Wang Y, Wei C, Yao NA, Yuan A, Shan Y, et al. Smartphone interventions for long-term health management of
chronic diseases: an integrative review. Telemed J E Health 2014 Jun;20(6):570-583. [doi: 10.1089/tmj.2013.0243] [Medline:
24787747]

2. Fanning J, Mullen SP, McAuley E. Increasing physical activity with mobile devices: a meta-analysis. J Med Internet Res
2012;14(6):e161 [FREE Full text] [doi: 10.2196/jmir.2171] [Medline: 23171838]

3. DiFilippo KN, Huang W, Andrade JE, Chapman-Novakofski KM. The use of mobile apps to improve nutrition outcomes:
a systematic literature review. J Telemed Telecare 2015 Feb 12;21(5):243-253. [doi: 10.1177/1357633X15572203] [Medline:
25680388]

4. Nelson ME, Rejeski WJ, Blair SN, Duncan PW, Judge JO, King AC, et al. Physical activity and public health in older
adults: recommendation from the American College of Sports Medicine and the American Heart Association. Med Sci
Sports Exerc 2007 Aug;39(8):1435-1445. [doi: 10.1249/mss.0b013e3180616aa2] [Medline: 17762378]

5. Lindhiem O, Bennett CB, Rosen D, Silk J. Mobile technology boosts the effectiveness of psychotherapy and behavioral
interventions: a meta-analysis. Behav Modif 2015 Nov;39(6):785-804. [doi: 10.1177/0145445515595198] [Medline:
26187164]

6. McGowan PT. Self-management education and support in chronic disease management. Prim Care 2012 Jun;39(2):307-325.
[doi: 10.1016/j.pop.2012.03.005] [Medline: 22608868]

7. Allen NB, Zhao L, Liu L, Daviglus M, Liu K, Fries J, et al. Favorable cardiovascular health, compression of morbidity,
and healthcare costs: forty-year follow-up of the CHA study (Chicago Heart Association Detection Project in Industry).
Circulation 2017 May 02;135(18):1693-1701. [doi: 10.1161/CIRCULATIONAHA.116.026252] [Medline: 28461414]

8. Brouwer W, Kroeze W, Crutzen R, de Nooijer J, de Vries NK, Brug J, et al. Which intervention characteristics are related
to more exposure to internet-delivered healthy lifestyle promotion interventions? A systematic review. J Med Internet Res
2011;13(1):e2 [FREE Full text] [doi: 10.2196/jmir.1639] [Medline: 21212045]

9. Barello S, Triberti S, Graffigna G, Libreri C, Serino S, Hibbard J, et al. eHealth for patient engagement: a systematic review.
Front Psychol 2015;6:2013 [FREE Full text] [doi: 10.3389/fpsyg.2015.02013] [Medline: 26779108]

10. Pew Research Center Fact Sheet. Pewinternet. Washington, DC: Pew Research Center; 2017 Jan 12. Mobile Fact Sheet:
Mobile phone ownership over time URL: http://www.pewinternet.org/fact-sheet/mobile/ [accessed 2017-11-22] [WebCite
Cache ID 6vAdIgjtY]

11. Pewinternet. Washington, DC: Pew Research Center; 2015 Apr 01. U.S. Smartphone Use in 2015 URL: http://www.
pewinternet.org/2015/04/01/us-smartphone-use-in-2015/ [accessed 2017-11-22] [WebCite Cache ID 6vAdUEPeZ]

12. Carroll JK, Moorhead A, Bond R, LeBlanc WG, Petrella RJ, Fiscella K. Who uses mobile phone health apps and does use
matter? A secondary data analytics approach. J Med Internet Res 2017 Apr 19;19(4):e125 [FREE Full text] [doi:
10.2196/jmir.5604] [Medline: 28428170]

13. Blondon K, Hebert P, Ralston J. An Exploration of the Potential Reach of Smartphones in Diabetes. Bethesda, MD: AMIA;
2014 Nov 14 Presented at: AMIA Annual Symposium Proceedings; 2014; Washington, DC p. 289-296 URL: https:/
/knowledge.amia.org/

14. Pewinternet. Washington, DC: Pew Research Center; 2014 Apr 03. Older adults and technology use URL: http://www.
pewinternet.org/2014/04/03/older-adults-and-technology-use/ [accessed 2017-11-22] [WebCite Cache ID 6vAeO5S54]

15. Van der Mispel C, Poppe L, Crombez G, Verloigne M, De Bourdeaudhuij I. A self-regulation-based eHealth intervention
to promote a healthy lifestyle: investigating user and website characteristics related to attrition. J Med Internet Res 2017
Jul 11;19(7):e241 [FREE Full text] [doi: 10.2196/jmir.7277] [Medline: 28698168]

16. Schueller SM, Tomasino KN, Mohr DC. Integrating human support into behavioral intervention technologies: the efficiency
model of support. Clin Psychol Sci Pract 2016 Nov 17;24(1):27-45. [doi: 10.1111/cpsp.12173]

17. Patel MS, Asch DA, Volpp KG. Wearable devices as facilitators, not drivers, of health behavior change. J Am Med Assoc
2015 Feb 3;313(5):459-460. [doi: 10.1001/jama.2014.14781] [Medline: 25569175]

18. Leventhal R. Healthcare-informatics.: Healthcare Informatics; 2015 Mar 24. Survey: Doctors and patients see benefits in
mobile apps URL: https://www.healthcare-informatics.com/news-item/survey-doctors-and-patients-see-benefits-mobile-apps
[accessed 2017-11-22] [WebCite Cache ID 6vAezeLAg]

19. Ericsson Industry Report. Ericsson. Stockholm, Sweden: Ericsson; 2016 Aug. From healthcare to homecare: The critical
role of 5G in healthcare transformation URL: http://www.ericsson.com/en/networked-society/trends-and-insights/consumerlab/
consumer-insights/reports/transforming-healthcare-homecare [accessed 2017-11-21] [WebCite Cache ID 6vAgFv6Or]

20. Pew Research Center. Pewinternet. Washington, DC: Pew Research Center; 2012 Nov 08. Health Online 2012 URL: http:/
/www.pewinternet.org/datasets/2012/page/6/ [accessed 2017-11-22] [WebCite Cache ID 6vAgnOSJG]

21. Fox S, Duggan M. Pewinternet. Washington, DC: Pew Research Center; 2012 Nov 08. Mobile Health 2012 URL: http:/
/www.pewinternet.org/2012/11/08/mobile-health-2012/ [accessed 2017-11-22] [WebCite Cache ID 6vAh1DS7z]

22. Liang X, Wang Q, Yang X, Cao J, Chen J, Mo X, et al. Effect of mobile phone intervention for diabetes on glycaemic
control: a meta-analysis. Diabet Med 2011 Apr;28(4):455-463. [doi: 10.1111/j.1464-5491.2010.03180.x] [Medline:
21392066]

JMIR Hum Factors 2017 | vol. 4 | iss. 4 | e33 | p. 8http://humanfactors.jmir.org/2017/4/e33/
(page number not for citation purposes)

Bosak & ParkJMIR HUMAN FACTORS

XSL•FO
RenderX

http://dx.doi.org/10.1089/tmj.2013.0243
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24787747&dopt=Abstract
http://www.jmir.org/2012/6/e161/
http://dx.doi.org/10.2196/jmir.2171
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23171838&dopt=Abstract
http://dx.doi.org/10.1177/1357633X15572203
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25680388&dopt=Abstract
http://dx.doi.org/10.1249/mss.0b013e3180616aa2
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17762378&dopt=Abstract
http://dx.doi.org/10.1177/0145445515595198
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26187164&dopt=Abstract
http://dx.doi.org/10.1016/j.pop.2012.03.005
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22608868&dopt=Abstract
http://dx.doi.org/10.1161/CIRCULATIONAHA.116.026252
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28461414&dopt=Abstract
http://www.jmir.org/2011/1/e2/
http://dx.doi.org/10.2196/jmir.1639
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21212045&dopt=Abstract
https://dx.doi.org/10.3389/fpsyg.2015.02013
http://dx.doi.org/10.3389/fpsyg.2015.02013
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26779108&dopt=Abstract
http://www.pewinternet.org/fact-sheet/mobile/
http://www.webcitation.org/

                                            6vAdIgjtY
http://www.webcitation.org/

                                            6vAdIgjtY
http://www.pewinternet.org/2015/04/01/us-smartphone-use-in-2015/
http://www.pewinternet.org/2015/04/01/us-smartphone-use-in-2015/
http://www.webcitation.org/

                                            6vAdUEPeZ
http://www.jmir.org/2017/4/e125/
http://dx.doi.org/10.2196/jmir.5604
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28428170&dopt=Abstract
https://knowledge.amia.org/
https://knowledge.amia.org/
http://www.pewinternet.org/2014/04/03/older-adults-and-technology-use/
http://www.pewinternet.org/2014/04/03/older-adults-and-technology-use/
http://www.webcitation.org/

                                            6vAeO5S54
http://www.jmir.org/2017/7/e241/
http://dx.doi.org/10.2196/jmir.7277
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28698168&dopt=Abstract
http://dx.doi.org/10.1111/cpsp.12173
http://dx.doi.org/10.1001/jama.2014.14781
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25569175&dopt=Abstract
https://www.healthcare-informatics.com/news-item/survey-doctors-and-patients-see-benefits-mobile-apps
http://www.webcitation.org/

                                            6vAezeLAg
http://www.ericsson.com/en/networked-society/trends-and-insights/consumerlab/consumer-insights/reports/transforming-healthcare-homecare
http://www.ericsson.com/en/networked-society/trends-and-insights/consumerlab/consumer-insights/reports/transforming-healthcare-homecare
http://www.webcitation.org/

                                            6vAgFv6Or
http://www.pewinternet.org/datasets/2012/page/6/
http://www.pewinternet.org/datasets/2012/page/6/
http://www.webcitation.org/

                                            6vAgnOSJG
http://www.pewinternet.org/2012/11/08/mobile-health-2012/
http://www.pewinternet.org/2012/11/08/mobile-health-2012/
http://www.webcitation.org/

                                            6vAh1DS7z
http://dx.doi.org/10.1111/j.1464-5491.2010.03180.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21392066&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


23. Quinn CC, Shardell MD, Terrin ML, Barr EA, Ballew SH, Gruber-Baldini AL. Cluster-randomized trial of a mobile phone
personalized behavioral intervention for blood glucose control. Diabetes Care 2011 Sep;34(9):1934-1942 [FREE Full text]
[doi: 10.2337/dc11-0366] [Medline: 21788632]

24. Fox S, Duggan M. Pewinternet. Washington, DC: Pew Research Center; 2013 Jan 15. Health Online 2013 URL: http:/
/www.pewinternet.org/2013/01/15/health-online-2013/ [accessed 2017-11-22] [WebCite Cache ID 6vAh811CK]

25. Rogers MA, Lemmen K, Kramer R, Mann J, Chopra V. Internet-delivered health interventions that work: systematic review
of meta-analyses and evaluation of website availability. J Med Internet Res 2017 Mar 24;19(3):e90 [FREE Full text] [doi:
10.2196/jmir.7111] [Medline: 28341617]

26. Ernsting C, Dombrowski SU, Oedekoven M, Kanzler M, Kuhlmey A, Gellert P. Using smartphones and health apps to
change and manage health behaviors: a population-based survey. J Med Internet Res 2017 Apr 05;19(4):e101 [FREE Full
text] [doi: 10.2196/jmir.6838] [Medline: 28381394]

Abbreviations
OR: odds ratio
SD: standard deviation

Edited by M Focsa; submitted 20.06.17; peer-reviewed by D Nault, R Shrestha; comments to author 04.07.17; revised version received
17.07.17; accepted 15.09.17; published 21.12.17

Please cite as:
Bosak K, Park SH
Characteristics of Adults Seeking Health Care Provider Support Facilitated by Mobile Technology: Secondary Data Analysis
JMIR Hum Factors 2017;4(4):e33
URL: http://humanfactors.jmir.org/2017/4/e33/
doi: 10.2196/humanfactors.8246
PMID: 29269337

©Kelly Bosak, Shin Hye Park. Originally published in JMIR Human Factors (http://humanfactors.jmir.org), 21.12.2017. This is
an open-access article distributed under the terms of the Creative Commons Attribution License
(https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any medium,
provided the original work, first published in JMIR Human Factors, is properly cited. The complete bibliographic information,
a link to the original publication on http://humanfactors.jmir.org, as well as this copyright and license information must be
included.

JMIR Hum Factors 2017 | vol. 4 | iss. 4 | e33 | p. 9http://humanfactors.jmir.org/2017/4/e33/
(page number not for citation purposes)

Bosak & ParkJMIR HUMAN FACTORS

XSL•FO
RenderX

http://europepmc.org/abstract/MED/21788632
http://dx.doi.org/10.2337/dc11-0366
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21788632&dopt=Abstract
http://www.pewinternet.org/2013/01/15/health-online-2013/
http://www.pewinternet.org/2013/01/15/health-online-2013/
http://www.webcitation.org/

                                            6vAh811CK
http://www.jmir.org/2017/3/e90/
http://dx.doi.org/10.2196/jmir.7111
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28341617&dopt=Abstract
http://www.jmir.org/2017/4/e101/
http://www.jmir.org/2017/4/e101/
http://dx.doi.org/10.2196/jmir.6838
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28381394&dopt=Abstract
http://humanfactors.jmir.org/2017/4/e33/
http://dx.doi.org/10.2196/humanfactors.8246
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29269337&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

